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Forecasting Model of Debris Flow Based on Fisher Discrimination Analysis Method

WANG Wen-chuan', WU Haipo', ZHAO Xiao-shen', QIU Lin®
(1. Faculty of Water Conservancy Engineering , North China Institute of Water Conservancy and
Hydroelectric Power, Zhengzhou, He'nan 450011, China; 2. Faculty of Environmental and Municipal

Engineering, North China Institute of Water Conservancy and Hydroelectric Power, Zhengzhou, He'nan 450011, China)

Abstract; Due to the complicated causes, the poor understanding to debris flow and difficulties in prediction, a Fisher
discrimination analysis model for forecasting the debris flow was developed according to the theory of discrimination
analysis. Its basic idea is that a series of factor data related to the debris flow occurrence was projected to
some direction and the data projected can be grouped as far as possible. The discriminant function was deter-
mined according to the univariate variance analysis, which requires smaller intraclass variance and larger in-
terclass variance. And then new samples were sorted into some class according to this criterion. The pro-
posed model is simple and run fast, and can predict the condition of debris flow in time. The case study
showed that Fisher discrimination analysis model can improve the prediction accuracy of debris flow.
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